
Tuesday 29th July 09:30-12:00

Social and Computer 
Science: 
Interdisciplinary 
Conversations on AI 

The Sky Deck, Innovation Centre Two



09:15 Arrival & coffee

09:30 Introductions

09:45
5 min 
lightning 
talks

Milto Miltiadou Advancement of Earth Observation Algorithms for Forest Monitoring

Tristan Cann AI and social science for climate communication

Patrick Gildersleve The Web AI-pocalypse

Katie Ledingham Responsible AI

Jack Reed AI, horticulture and social science: An ongoing project

Frederico Botta Understanding human behaviour in cities

Presentation Q&A

10:45 Coffee

11:00- 12:00 Collaborative discussion

12:00-12:30 Lunch

Programme



Lightning Talks



Milto Miltiadou



Department of Computer Science

Advancement of Earth Observation 
Algorithms for Forest Monitoring
Milto Miltiadou, Lecturer in Computer Science (E&R)

Lightening Talks



Versatile tools for generating feature vectors for Machine Learning 
Applications

PlotToSat

exports

Raw Voxel 
Intensities 
into a .csv file

Processed Info from 
that area (i.e. 
distribution of non 
empty voxels ) 
into a .csv file

DASOS

Dr Milto
Miltiadou



Manages both full-
waveform and discrete 

LiDAR

Addresses variations in 
point cloud density

Dr Milto
Miltiadou

DASOS



Detection of Dead Standing Eucalyptus 
camaldulensis without Tree Delineation for 

Managing Biodiversity in Native Australian Forest
(Miltiadou, et al 2018)



Time-series 
of satellite data 

Dr Milto 
Miltiadou



Associations between climatic conditions

Warmer 
Spring

Dr Milto 
Miltiadou

Delayed Summer Peak 
related to leafing period

Miltiadou, Milto, et al. "A comparative study about data structures used for efficient 
management of voxelised full-waveform airborne LiDAR data during 3D polygonal model 
creation." Remote Sensing 13.4 (2021): 559.



Pre-processing
• Extracting time-series analysis is challenging

• One year of Spanish data 
• ~  2,700 Sentinel-1 images (estimated  2.5TB)
• ~19,500 Sentinel-2 images(estimated 15.8TB)

• Google Earth Engine is a cloud-based geospatial 
analysis platform

Available at (Accessed 04/04/24): https://www.mdpi.com/2072-4292/12/21/3523

Sentinel-2 image tiles

Dr Milto 
Miltiadou

Sentinel-1
image tile



PlotToSat (published version)

Streamlines the process of 
generating EO time-series
Take as input a plot network in 

.csv format and a year
Extract Sentinel-1 and Sentinel-2 

time-series of each plot
PlotToSat extracted time-series
for ~16,000 plots using an
estimated of 18.3TB data within
less than 24hours
Available at:
https://github.com/Art-n-
MathS/PlotToSat

Uses the Google Earth Engine PlotToSat: A Tool for Generating Time-series Signatures from Sentinel-1 and Sentinel-2 at field-based plots for Machine 
Learning applications ng it easy to add new collections - Environmental Modelling & Software, Miltiadou, M. et al. 

https://github.com/Art-n-MathS/PlotToSat
https://github.com/Art-n-MathS/PlotToSat


First Application of 
PlotToSAT: Tree genera 
classifications
• In test case 3, which uses all samples, the F1 
score for small genera classes was low due to the 
unbalanced training/testing dataset.
• In test cases 1 and 2 that dataset was resampled 
for balancing, the F1 score for large genera 
classes was low due to the likely creation of 
uncorrelated subgroups within these classes, which 
were under-represented. 
• Selection of the most important features as well 
as finding ways to account for the subgroups within 
the dataset shall improve classification results. 

Dr Milto 
Miltiadou

Miltiadou, Milto, et al. "Tree Genera Classifications in Spain Using Time-Series Sentinel-2 Data Extracted 
from Plottosat." IGARSS 2024-2024 IEEE International Geoscience and Remote Sensing Symposium. IEEE, 
2024.



GreenSight Project with Met Office 

Comparison of carbon 
estimates from the 
JULES land surface 
model and Earth 
Observation time-series 
for UK Green Belts 

PI: Hywel Williams & Edward Pope
Co-PI: Milto Miltiadou



Preliminary Results – Net Primary Productivity

by Finley Gibson



PlotToSat (new features)
PlotToSat has been expanded to support

- the extraction of time-series at multiple regions/polygons
defined in Shapefile

- of soil, water and vegetation indices has been added
(subset of Radiometric Land indices provided by ESA: https://step.esa.int/main/wp-

content/help/versions/9.0.0/snap-
toolboxes/org.esa.s2tbx.s2tbx.radiometric.indices.ui/OperatorsIndexList.html) 

https://step.esa.int/main/wp-content/help/versions/9.0.0/snap-toolboxes/org.esa.s2tbx.s2tbx.radiometric.indices.ui/OperatorsIndexList.html
https://step.esa.int/main/wp-content/help/versions/9.0.0/snap-toolboxes/org.esa.s2tbx.s2tbx.radiometric.indices.ui/OperatorsIndexList.html
https://step.esa.int/main/wp-content/help/versions/9.0.0/snap-toolboxes/org.esa.s2tbx.s2tbx.radiometric.indices.ui/OperatorsIndexList.html


MSc Projects using PlotToSat

Forest Types Classification – Oliver Appleby

Land Cover Change for UNESCO site protection – James Chamberlain



MSc Projects using PlotToSat

Forest Types Classification – Oliver Appleby

Land Cover Change for UNESCO site protection – James Chamberlain

GW4+ PhD
Mapping Geohazard Proximity and 

Risk Trends Around UNESCO 
Heritage Sites



Upcoming 
Project



Past 
Projects



Thank you! Any Questions?

“Milto Miltiadou appears to be a researcher
specializing in data analysis and machine learning
applied to Earth observation, particularly focused on
forests.” by Gemini

email: m.miltiadou@exeter.ac.uk



AI and social science for 
climate communication

Tristan Cann



About

Computer Science Social Science



About

Climate emergency and councils



The Web AI-pocalypse
Patrick Gildersleve





Carbon dating



Wikipedia
• Wikipedia is a key example for LLMs relation with the digital 

commons
• Computationally accessible, permissive data practices, high quality 

structured information

• And yet, no citation, credit, or compensation

• Readers and editors may be pulled away from Wikipedia –
damaging LLM source data and a public good (Wagner & Jiang, 
2025)

• What of Wikipedia’s various biases being integrated into LLMs? 
(Reagle & Rhue, 2011; Graham et al. 2014),



LLM as Editor

• LLM tools are now being turned back on the very 
data from which they are trained

• Writing assistants for editing Wikipedia, fully bot 
editors

• What does this mean for Wikipedia?

• What does this mean for LLMs? → Model Collapse?



AI in collaboration / conflict

• Simple bots have long existed on Wikipedia

• Shown to collaborate and conflict – even “edit war” (Tsvetkova et al., 2017) 

• How might this new generation of AI bots interact with each other and humans?

• Detection is difficult, deployment is unethical

• Proposal: Simulate Wikipedia



Simulating Wikipedia

• Allow 100s/1000s of AI agents to edit an offline copy of Wikipedia
• Give choice of articles, options to “revert” edits,  memory of past actions?

• What models? What base prompts?
• “You are a Wikipedia editor. You will receive source wikitext for the 
Wikipedia article on _____ and can make any edits as you see fit 
(including no edits). Also provide a summary of your edits or the 
reason(s) no edits were made”



Preliminary Observations and Future Work

• “Lazy” summarizing

• Some rather pointless rephrasing, and rephrasing, and rephrasing…

• Language on contentious issues is sanitised and not reverted – sycophancy bias

• What (emergent) dynamics are seen at larger scales and different model specs?

• How do human-bot interactions affect content?



Takeaways

• The Web is under threat – especially free, open 
resources

• Dangers from extractive use – pulling away readers, 
customers, contributors

• Dangers from poisoned contributions – possibly leading 
to model collapse

• We need to figure out the consequences before it’s too 
late – advise on model capabilities, safeguards, 
regulation etc.



References

• Colavizza, G., Blanke, T., Jeurgens, C., & Noordegraaf, J. (2021). Archives and AI: An overview of 
current debates and future perspectives. ACM Journal on Computing and Cultural Heritage 
(JOCCH), 15(1), 1-15.

• Graham, M., Hogan, B., Straumann, R. K., & Medhat, A. (2014). Uneven geographies of user-
generated information: Patterns of increasing informational poverty. Annals of the Association of 
American Geographers, 104(4), 746-764.

• Reagle, J., & Rhue, L. (2011). Gender bias in Wikipedia and Britannica. International Journal of 
Communication, 5, 21.

• Tsvetkova, M., García-Gavilanes, R., Floridi, L., & Yasseri, T. (2017). Even good bots fight: The case 
of Wikipedia. PloS one, 12(2), e0171774.

• Vincent, N., Johnson, I., & Hecht, B. (2018, April). Examining Wikipedia with a broader lens: 
Quantifying the value of Wikipedia's relationships with other large-scale online communities. In 
Proceedings of the 2018 CHI Conference on Human Factors in Computing Systems (pp. 1-13).

• Wagner, C., & Jiang, L. (2025). Death by AI: Will large language models diminish Wikipedia?. Journal 
of the Association for Information Science and Technology.



Katie Ledingham



Where Responsible Innovation (RI) 
& 

AI Meet  

Dr Katie Ledingham
Senior Lecturer in Responsible & Transformative Innovation
Centre for Responsible Innovation & ITE
University of Exeter Business School

K.A.Ledingham@exeter.ac.uk

Interdisciplinary Conversations on AI 29th July 2025



WOODGROVE
BANK

1. Delimit harm & unintended consequences
2. Align with societal values (in participatory ways)

37

RI = Interdisciplinary field blending social science theory and methodology with practical 
and normative concerns in policy making



At core of RI – concept of epistemic diversity – drawing together diverse knowledges in the design, 
development & deployment phases

Anticipate, identify and mitigate against 
harms and issues upstream e.g.,
spatial, temporal and other biases within 
datasets
The politics of data labelling; model 
norms

Source: Sillin et al., 2021 in McGovern 

e.g.., Seattle earthquake prediction deployment 
Social sciences – render tractable

Not just harm avoidance– but aligning 
innovation with societal values; political 
ecologies

RI focus is not just on tech design – but broader 
governance and institutional environments within 
which innovation developed & deployed



WOODGROVE
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Centre for Responsible Innovation 
- RAI
• 2016 - 200+ guidelines on 

responsible and trustworthy 
AI= profusion of ethical 
principles, frameworks and 
documents

• RAI – attempt to operationalise 
high level principles (fairness 
metrics and tools for bias 
detection; privacy 
safeguarding)

• BUT – we’re are a crossroads 
moment –

• ‘Ethics washing’ is a term that 
continues to gain salience –
described by Floridi (2019) as 
liberal borrowing from a 
plethora of frameworks that 
yields easily implementable 
norms

• unclear what tools should be 



WOODGROVE
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Two Example Illustrative Issues:

1. Narrow focus on risk rather than impact and implications more 
broadly defined

Rethinking AI Risk: Acoustic Monitoring in 
Care Homes
AI risk is often narrowly defined in terms of 
system accuracy, data security, or legal 
compliance (e.g. GDPR). Yet harm can be 
relational, cultural, and cumulative — and not 
easily captured by these metrics. Overreliance 
on tech may shift care from being relational 
and proactive to reactive and transactional.
Engaging with diverse expertise and lived 
experience — from frontline staff, residents, 
and disciplines like sociology and anthropology 
— helps bring to light hidden risks and supports 
more responsible AI.

2. Narrowing of inclusion practices: industry survey only 11% engaged 
affected non-users; 4% generate public in SHE – limited harms 
articulated (harms without financial implications neglected) (Kallina et 
al., 2025)

RI for AI – seeks to address these gaps – interested in the processes and 
practices that can help innovation to avoid harm and do good (while 
recognising that notions of ‘good’ and ‘harm’ are always contextually 
contingent)



Jack Reed



AI and Horticulture
An ongoing project

Dr Jack Reed (ESI and LEEP)





How does artificial intelligence interact 
with place-sensitive* nature recovery?

*A place-sensitive approach recognises and 
builds on the diversity of places and supports 
policymaking that meets the needs of everyone.



Key partners



Fieldwork 
Qualitative methods 

Visual analysis of AI infrastructures 

Thematic content analysis from the 
garden’s appearance on the BBC



Findings

“It remains to be seen how much technology is going 
to help or possibly even hinder our lives in the 

garden. Although I have to confess, the more hands 
on it is, the better I like it” (Monty Don)



New ways to engage 
with nature

Public facing metrics, 
facilitated by AI analysis

AI enhances transparency 
and accountability

AI facilitating a 
conversation with the trees



Thank you! 
Questions and discussion

If a tree falls in the woods and nobody is around to hear 
it, does it make a sound…?



Frederico Botta



Presentation Q&A



Collaborative 
discussion



WOODGROVE
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Collaborative Discussion – Groups of 4-5
1. One idea that challenged or expanded your thinking
“Which presentation or idea from earlier made you think differently — or helped you see your own work 
in a new light?”

2. One issue in AI and society that feels urgent or overlooked
“What’s one issue in the AI–society space that really matters to you — either in your field, your research, 
or more broadly?” Why is this issue important, and what do you think needs to happen next?

3. In your groups where do your concerns, interests, or methods overlap — even if you approach 
them differently?
Is there anything that would be interesting to explore together further?

4. What makes collaboration across disciplines difficult — and how might we make it easier?
Are there language barriers, assumptions, or expectations that get in the way? What would help you stay 
connected to people in other fields beyond today? How do we continue this conversation beyond the 
event?



Next steps
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